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Abstract: Federated learning optimization algorithm based on incentive mechanism was proposed to address the issues
of multiple iterations, long training time and low efficiency in the training process of federated learning. Firstly, the repu-
tation value related to time and model loss was designed. Based on the reputation value, an incentive mechanism was de-
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based on the auction theory. By auctioning local training tasks to the fog node, the client entrusted the high-performance
fog node to train local data, so as to improve the efficiency of local training and solve the problem of performance im-
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